


Why Building Al is Hard

« What's the scale of the problem?
« Why does it matter?
« Why is it happening?

« And What to do about it?
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HOW has your organization taken to implement Al?

Buy: 29% Build: 71%
A A
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Source: IDC's European Artificial intelligence Survey, December 2021 (n = 493)
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Companies that build Al can access a wider array of specialized value
opportunities

Developed an Al-based insurance pricing system.
AKSigorta The group's overall margin grew from 15% to 23%.

Shifted from a manual to a fully automated Al engine for forecasting ((J
passenger numbers. |

The new system was 70% more accurate. MOLSLINJEN

Developed an Al tool to predict store demand at a postal code level.

carhartt New stores opened using the system, overperformed on revenue
plans by over 200% in their first year of trading.
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What (%) Of Al Models End Up In Production in your business?

0% I 1.8%
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Source: IDC's European Artificial intelligence Survey, December 2021 (n = 446)
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The Impact of failing to get Al into production on the Business

Damaged Business
Confidence in Al
leading to Inertia

\Wasted
resources

Missed
Opportunity

Slower Time to
Value
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What are the top reasons that currently stop your organization from
developing Al proofs-of-concept into full Al implementations? [Choose up to 3]

Cost of Cost of
Associated Al associated

development computing

tools infrastructure
53.3% 34.3%

Eldgeli
Lack of skilled adequate
Personnel volumes of
43.8% training data
33.3%

~ IDC Source: IDC's European Artificial intelligence Survey, December 2021 (n = 493)



Start by finding a clear Business Case

To many data science projects are hunting for a business case

Data Exploration & Business Case

Model Development

Model Deployment

Experimentation

Progression o
. Failure

Business cases should drive data science projects

Data Exploration &

Business Case : :
Experimentation

Model Development Model Deployment

Progression
success
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Be realistic about the capital and capabilities involved in building Al

Investments

Technology

N

b4

Head of Data
Science/CDO

~

»
»

A

Data Scientists

Y Y Y
Data Engineer IT Specialist ML Engineer
Kubernetes SciKit — CPUs
__ Docker ‘ﬂ ‘ﬂ T(Celnslolr[;&:)rvvn __ _-P S
Data Platform Al Open Existing Business Accelerated ML Ops
. Lifecycle  Source Systems Compute Software

i Software

Model Development Implementation Infastrucutre Model Management
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Develop Best Practices to Ensure Scalability

Best Practices

* Integrate with business teams e Infrastructure Management
« Ethics Policies « Project management approaches

 Standardized Software Tooling

[ | | |
BUsiness Exploration & | \jodel Model Business Exploration & | \jodel Model Business Exploration & | pjogel Model
e g?perlmentau Development | Deployment Case (E)?perlmentau Development | Deployment Case (E)?perlmentatl Development | Deployment

Progression Progression Progression
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Connect Al to the Business

A new role for the CDO - Business Case Hunter

Joic

Head of Data
Science/CDO/Lead Al
Proponent
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CEO VP of Engineers/Design
Product  Team

CFO Finance Team
4
Travelling
salesman for Al . . ‘
d d4h A
COO Customer Sales Team
Service Team
A 4
CMO Marketing Team
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